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Privacy has become a major issue in the digital age. As companies focus on getting consumer data at every touch point to have competitive advantages, users are skeptical about this practice. Even though consumers express their concern, different studies suggest that their behavior do not mirror their speech. Therefore, it is vital to further study consumers drivers to disclose personal information online and what moderators impact their decision.  
This study aims to understand what influences user’s disposition to share personal data on a transactional context. Therefore, a research model was created following Privacy Calculus Theory, which affirms that disclosing personal information undergoes a judgment between the benefits and the possible risks.  As most privacy studies tend to focus on the user´s negative perception of data sharing online, this research highlights the positive side, exploring utilitarian, social and enjoyment benefits . Moreover, this research takes into consideration the effects of age, gender and perceived sensitivity over the user´s willingness.
To test the proposed model, an online survey was conducted, where each respondent analyzed their last experience disclosing personal data online under a commercial context. The survey resulted in 170 valid responses from consumers aged between 18 and 69 years old. 
Findings showed that convenience and privacy risks impact consumers’ willingness to share personal information online. However, the results are not very significant which could jeopardize the rational logic of the privacy calculus. Additionally, age, gender and perceived sensitive information show to moderate users’ disposition to share personal information. 
For the existing literature, the present study contributes showing further conclusions about consumer relationship with sharing personal data online. Also, this finding can positively  impact companies to design their online services or shopping experience according to what each consumer expects. 

Keyworks: Privacy Calculus, Information Sensitivity, Willingness to disclose Online, Personal Data
[bookmark: _Toc51756460] Resumo
A privacidade se tornou uma questão na era digital. Como as empresas se concentram em obter dados do consumidor em todos os pontos de contacto para obter vantagens competitivas, os usuários ficam céticos quanto a essa prática. Embora os consumidores relatem sua preocupação, estudos sugerem que o comportamento não reflete o discurso. Portanto, é vital compreender os motivadores dos consumidores para disponibilizar informações pessoais online e quais os impactos dos moderadores em suas decisões.
Este estudo visa entender o que influencia a disposição do usuário para compartilhar dados online. Para tanto, foi criado um modelo de pesquisa seguindo a Privacy Calculus Theory que afirma que a divulgação de informações pessoais passa por um julgamento entre os benefícios e os possíveis riscos. Como a maioria dos estudos de privacidade tende a se concentrar na perceção negativa do usuário sobre o compartilhamento de dados online, esta pesquisa destaca o lado positivo, explorando benefícios utilitários, sociais e de lazer. Além disso, esta pesquisa leva em consideração os efeitos da idade, sexo e sensibilidade percebida.
Para testar o modelo proposto, foi realizada uma pesquisa online, onde cada entrevistado analisou sua última experiência de divulgação de dados pessoais online em contexto comercial. A pesquisa resultou em 170 respostas válidas de consumidores com idades entre 18 e 69 anos.
Os resultados mostraram que a conveniência e os riscos percebidos afetam a disposição dos consumidores em compartilhar informações pessoais online. No entanto, os resultados não são muito significativos, o que poderia comprometer a lógica racional do Privacy Calculus. Além disso, idade, sexo e informações sensíveis percebidas influenciam a disposição para compartilhar informações pessoais.
Para a literatura existente, o presente estudo contribui mostrando outras conclusões sobre a relação do consumidor com o compartilhamento de dados pessoais online. Além disso, essa descoberta pode impactar positivamente as empresas para projetar os seus serviços de acordo com o que cada consumidor espera.
Palavra-chave: privacy calculus, sensibilidade à informação, disposição para divulgar online, dados pessoais
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The advancement of technology allowed information to be shared over a variety of devices and track every personal action and moment (Williams et al., 2016). The internet era transformed databases of personal information that have grown in number and variety (O'Leary et al., 2004) gathering massive amounts of information that changed the perception of privacy and concerns (Goldfarb & Tucker, 2013).  
The situation got into the spotlight with recent events raising concerns about privacy to companies and users worldwide. Nowadays data leak is becoming more usual than ever. Just in the first half of 2018 over 3 billion records were compromised, which is almost double the number of cases compared with the year before (Gemalto, 2018). Along with this situation, users must beware of threats when navigating the web, installing applications or extensions in any device because it can expose personal information. The most famous example is the company Cambridge Analytica that created an app-based personality quiz on Facebook. All users that installed this application not only gave their data but also the information from other users. The outcome was that the company collected personal information of more than 71 million people that was shared by only 270,000 consumers (Bowcott & Hern 2018). 
Because of the events mentioned above, consumers say they are apprehensive and adopting new behaviors to protect themselves (Alkire et al., 2019). Therefore, user’s behavior and opinion towards privacy and the use of their data are becoming increasingly important (Jacobson et al., 2019). Furthermore, it is urgent to understand the reasons that convince users to share information as the challenge of personal data protection is growing (Kamleitner & Mitchell, 2019). Even the Marketing Science Institute (MSI) established as a major research priority for 2020 to 2022 to understand the customer asset, especially their relationship with privacy and what are the best practices for capturing data (Marketing Science Institute, 2020).
According to the privacy calculus model, the process to disclose personal information undergoes a user judgment between the benefits and the possible risks (Dinev & Hart, 2003). Widely adopted to examine consumers' self-disclosure in online environments, this model is based on a trade-off perspective where the cost is related to privacy concerns and the benefits to gratification (Trepte et al., 2020). That is, for a user to disclose his information online he needs to perceive that the benefit will be greater than the cost, otherwise the user will not give his information. 
So far, most studies have focused on the risk side of the privacy calculus. Some manage to show the negative effect that privacy concerns have in the intention to share information on social media (Chen, 2018) and purchase online (Kim et al, 2008) while others show that for selecting and downloading an app privacy aspects did not have a significant role (Barth et al., 2019). Also, some studies point out that it is not the concerns that influence consumer behavior, but the perceived benefit (Taddicken, 2014). 
The discrepancy can be justified by the user's real actions. Although users keep expressing their concerns, most of their online acts often don’t match with their speech as most of them barely do anything to safeguard their data (Barnes, 2006). This space between consumer behavior and their privacy concerns is called privacy paradox (Wang & Herrando, 2019). The phenomenon occurs because individuals are willing to lose some privacy as they recognize the weight of the benefit when using an online solution (Barth et al., 2019; Jacobson, et al., 2019).
Some studies have analyzed the privacy paradox with success (eg. Chen, 2018; Acquisti & Gross, 2006; Taddei & Contena, 2013; Hallam & Zanella, 2017) by targeting privacy concerns. However, as consumers value more the expected benefits than potential risks (Beresford et al., 2012; Lee et al.,2013), this study aims to focus on the positive side of privacy calculation to classify the importance of certain benefits and the effects on privacy paradox at an online transactional environment. 
For privacy studies, this research brings a different point of view as most authors focus on the negative side explaining diverse aspects of privacy concerns and triggers that repel consumers to share information. Moreover, previous studies present benefits in a dispersed way. Therefore, the current study takes into consideration three major groups of benefits: utilitarian, emotional, and social. Adopting this Sweeney and Soutar´s scale (2001), we introduce a different approach to studies about privacy as most of them use subjective interpretation (Xu et al., 2013) or follow the Unified Theory of Acceptance and Use of Technology (Weinhard et al., 2017)
Along with that, we focus on personal characteristics such as age and gender. This attitude is important because benefits and costs are multifarious elements that depend on individual aspects (Koohikamali et al., 2019; Dinev et al., 2013). Different authors have studied age (Jai & King, 2016; Acquisti & Gross, 2006) and gender (Jai & King, 2016; Litt & Hargittai, 2016; Boyd & Hargittai, 2010) proving the influence of these factors in the intention to share more or less information. However, none of them try to understand these factors as true moderators and their impacts on benefits and cost. Thereby, this study aims to produce an overview to understand the effects of age and gender to help businesses to mold their service and product.
Finally, we analyze perceived sensitive information as another important moderator. According to Bansal et al. (2010) the individual’s intention to disclose personal data depends on the perceived information sensitivity. As previous research points out that sensitive information modifies user’s privacy perceptions (Li et al., 2011; Malhotra et al., 2004), we aim to understand this factor in a commercial context and their impact on benefits and concern. 
In summary, this study aims to answer the following questions:
(i) What factors motivates or deter consumers from sharing personal information online? For the positive point of view, utilitarian, emotional and social benefits were studied, and for the negative side  perceived privacy risks was analyzed.  
(ii) How do the individual's characteristics, such as age, gender and perceived information sensitivity affects the intention to disclose personal information? 
Therefore, this study seeks not only to present a scientific contribution but also has practical implications for businesses as it will allow an overview of consumer beliefs and preferences regarding benefits and privacy concerns when providing personal information online. Understanding these behaviors is crucial because owning consumer data has become an instrument to actively target customers, understand their needs and then creating precisely a new strategy for products and services (Krafft et al., 2017; Shaw, 2001). 
To conduct the present study, data will be collected by an online questionnaire to gather a large data pool in order to understand the topic suggested. This strategy is widely used in researches that aim the generalization of the problem because it allows to test and easily quantify connections between variable (Saunders et al., 2019). The information collected will be analyzed under a quantitative method since the objective of the present study is to test specific hypotheses and examine their relationships (Malhotra, 2019).
The structure of this paper is organized as follows. First, we review existing literature related to privacy, privacy calculus, and privacy paradox. Drawing on this review, this study analyses the online questionnaire to test the hypotheses. In the end, a discussion is made to ponder the implications of our study for science and practice. 
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In an age where many areas are interested in big data, the concept of consumer privacy and information become the protagonist of the debate for their relevance (Smith et al., 2011). It is known that the concept of privacy had suffered a historical evolution that is linked with the development of information technology itself (Smith et al., 2011) as a result there is no consensus about the definition of the term because each theorist produces a variety of definitions and approaches (Solove, 2006).
For Westin (1968) privacy could be referred to as self-determination to extend information about themselves when communicating with others. Moore (2007) adds that privacy is the right of a person to control the type of contact and the amount of information they want to share. 
The manner in which people relate with privacy is complex because it depends on different personal elements such as beliefs, experiences, and values that change across time and culture (Acquisti et al., 2015; Solove, 2006) As a consequence people have distinguished expectations to protect their privacy (Dinev et al., 2013).
Despite that, it is known that privacy has two types: physical privacy and informational privacy (Moore, 2007). Regarding informational privacy, Birnhack and Elkin-Koren (2009) argue that this kind of privacy has two characteristics: control and prevent unauthorized access to personal information.  
In the online universe, the circumstances of privacy become even more elaborate because the line between legitimacy and invasion of privacy is tenuous (Barth et al, 2019). Normally, the first step to access social networks or other online solutions is to provide personal information, besides that most online activities depend on sharing information (Contena et al., 2015). Thereby privacy is a matter that refers to every touchpoint at which data is produced, not only a matter of control.
In order to encounter the challenges that the digital age presents, governments were forced to develop legal instruments for privacy protection, like the General Data Protection Regulation (GDPR). The GDPR entered into force in 2018 to regulate the data privacy policies in Europe so that data sharing could be easier but at the same time ensuring that the flow of data will be secure (Zeigler & Rojas, 2016). Any company, government agency, or other organization that has personal data of EU citizens or residents or does business in Europe are affected by these new rules (Miglicco, 2018).
The discussion around privacy becomes crucial not only because of the amount of data from users that companies obtain (Davenport & Harris, 2007) but especially because privacy threats are spreading to a wide range of industries and organizations that cross jurisdictional boundaries (Cavoukian et al., 2010). On one hand, users are creating, exploring, transmitting, and storing personal data at an exponential amount of growth rate (Cavoukian et al., 2010). On the other hand, companies are taking advantage and violating privacy which means that they collect unauthorized data, disclose or use in a different context personal information (Wang, et al., 1998). They created an even more disturbing scenario for consumer privacy as they trade user personal data with other companies without their consent or knowledge (Laczniak & Murphy, 2015). 
These risk paths that marketeers created when exploring consumer data, increased the uneasiness about privacy (Laczniak & Murphy, 2019). An individual's concern about the status of their personal information, whether it is the transfer or exchange of information, is called privacy concerns (Min & Kim, 2014).  
Just as the concept of privacy, the definition of privacy concerns also varies by culture, context and the individual's perception (Jiang et al., 2013). Despite the perceived differences, it is well known that most users are uncomfortable with the current situation as they normally only approve data sharing when they know about the process or when they consider it acceptable (Spiekermann et al., 2015). According to Trepte et al.(2020), consumers reveal less information when they have more privacy concerns.  
Even though people estimate the risk, they are willing to lose some privacy because they recognize benefits from using apps or social media (Barth et al., 2019; Jacobson, et al., 2019). Therefore, there is a comfortable point that individuals feel about the use of information posted publicly on social media for targeted advertising, customer relations, and opinion mining (Jacobson et al., 2019). This trade-off where people balance the bad and good side when disclosing the information is called privacy calculus (Laufer & Wolfe, 1977). 

[bookmark: _Toc51756466]2.2 The Privacy Calculus Theory
Individuals take into consideration the benefits and risks when they decide to voluntarily share information (Culnan & Armstrong, 1999; Laufer & Wolfe, 1977). This attitude entitled “privacy calculus” is a ponderation based on fairness (Laufer & Wolfe, 1977) that individuals analyze whether the information given can be used in a way that could lead to a negative path for those who give personal data (Dinev & Hart, 2006). 
Although the privacy calculus is an extension of a behavior model, the theory is set up on the “contrary” beliefs with two factors that influence the behavior simultaneously: one positive and another negative effect (Dinev & Hart, 2006). 
For this model, the user tendency to share information rests on a cost-benefit trade-off where people balance these factors regarding future outcomes to decide their online behavior (Chen, 2018). This privacy calculus in the online environment assigns the cost to privacy concerns and the benefits to gratification (Trepte et. at 2020). 
Privacy Concern refers to a degree that users established between personal worries on account of perceived risk and possible negative consequences and companies practices to collect and use data (Hong & Thong, 2013; Cho et al., 2010) provoked by the uncertainties of the online environment by sharing information (Zhou & Li, 2014). 
A vast number of studies highlight different aspects of privacy concerns. The concern for information privacy (CFIP) considers four dimensions for privacy concern (Smith et al., 1996). The first aspect is the amount of information collected and stored (Smith et al 1996) and the purpose of collecting (Ackerman et al., 1999). For business and website owners it is vital to compile more data from customers because it helps to understand their behavior and demand to improve and personalize products or services (Xu et al., 2011). However, it is common for companies to collect data they will not use immediately without notifying the consumer (Morey et al., 2015).   
The second aspect of privacy concerns is the false data stored that could enable errors (Smith et al., 1996). The third point is the unauthorized secondary use of data (Smith et al., 1996). Consumers' concern about privacy tends to increase when personal information is being used beyond the original purpose (Nowak and Phelps, 1995). The last aspect is improper access to personal information, related to inappropriate data protection, leading to data breaches (Dhillon and Moores, 2001) or unauthorized access (Beke et al., 2018). 
Later on, Malhotra et al. (2004), adapted the CFIP for the reality of internet users creating the Internet Users Information Privacy Concerns (IUIPC). This new context established new factors like control of personal information and awareness of privacy practices besides the concern about the collection.
Consumer privacy concern is affected by the type of information that is requested. Financial, personal identifier information, medical records are more sensitive subjects than other demographic information, shopping habits or eating habits (Sheehan & Hoy, 2000, Smith et al., 2011; Ward et al., 2005). 
The perceived sensitive information causes a different perception about privacy (Jozani, et al., 2020; Malhotra et al., 2004) consequently alters the intention to share personal information (Yang & Wang, 2009). According to Jozani et al. (2020), perceived information sensitivity has a significant relationship with institutional privacy concerns on social media-enabled apps however, it is not a significant predictor of social privacy concerns. As the perceived sensitivity of the information that is requested influences privacy concerns (Li, 2011), this study intends to understand the impact of the subject on the intention to share information for commercial purposes. 
The perceived benefits are another factor in the equation of privacy calculus. Different benefits were highlighted in previous studies. A brief literature review is presented in Table 1. At the online social network (OSN) the relationship and entertainment aspects were the most common motive to disclose information (James et al., 2015; Lee et al., 2013; Krasnova & Veltri, 2010; Trepte et al., 2020). Factors, such as socialization, self-expression (James et al. 2015) maintaining relationships, information seeking (Heravi et al., 2017) enjoyment (Krasnova & Veltri, 2010) were also shown to be crucial. 
At e-commerce context and smartphone users, personalization plays an important role in disclosure (Liu et al., 2014; Zhao et al., 2012; Krafft et al, 2017). This benefit is based on personal information and preference that companies proactively tailor future products, services and experience to the taste of individual users (Chellappa & Sin, 2005). To achieve a more precise personalization solution it is necessary to gather the most amount of consumers' information as possible (Bandara et al., 2020). 
Another factor that users value online is control over personal information (Malhotra et al 2004, Liu et al, 2014, Dinev & Hart 2003). It is considered a crucial agent as consumers are more likely to share even more information online if they feel to be in control of the data (Mothersbaugh et al., 2012).
[bookmark: _Toc51612559]Table 1. Literature Review of Privacy Calculus Benefits and Concerns
	Study
	Context
	Benefits
	Costs

	Dinev et al. (2006)
	E-commerce
	Trust
	Perceived Risk, Perceived Concern

	James et al. (2015)
	Social Network Sites
	Seek Information, 
Socialize
Express oneself to others
Meet social expectations or to please others.
	Privacy Concerns

	Keith et al. (2013)
	Mobile Application
	Perceived Benefit
Personalization Locatability
	Perceived Risk (location data, personal information)

	Kim et al. (2019)
	IoT services
	Trust
Personalization
Perceived Benefit (number of services, critical mass, compatibility, complementary)
	Privacy Risk

	Krafft et al. (2017)
	Personalized Messages
	Personal Relevance
Entertainment
Incentive lottery
Consumer information
Control
	Registration Cost
Intrusiveness
Privacy Concerns

	Krasnova & Veltri (2010)
	Social Network Sites
	Enjoyment
Self-presentation
Relationship Maintenance
	Privacy Concerns

	Lee et al. (2013)
	Social Network Sites
	Expression
Self-clarification
Social validation
Relationship development
Social control
Self-presentation
	Security risk
Stigma risk
Face risk
Relational risk
Role risk

	Li et al. (2010)
	E-commerce
	Perceived usefulness of the product or service
Monetary rewards
	Privacy protection belief
Privacy risk belief

	Liu et al. (2014)
	Mobile Application
	Personalization
Control
	Privacy Concern
Perceived Risk

	Trepte et al. (2020)
	Social Network Sites
	Social Support
	Privacy Concern

	Trepte et al. (2017)
	Social Network Sites
	Social Gratifications
	Privacy concern

	Xu et al. (2013)
	Social Network Sites
	Perceived benefit
	Privacy concerns

	Zhao et al. (2012)
	Location-based social network
	Personalization
	Privacy concerns
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As was mentioned many users are concerned about privacy. However, they present inconsistent behavior as they voluntarily reveal information online (Bandara et al. 2020). This divergent attitude is called privacy paradox (Barnes, 2006). 
The phenomenon happens because even though users are aware of threats like information breaches and identity theft (Gross et al., 2005), the perceived benefits overwhelmed them as they spontaneously share information online (Debatin et al., 2009). This reckless attitude is explained in Westin´s research (2003) as the author cites an opinion poll survey that indicates that online users, in general, understand that exchanging information for benefits is a fair trade.  
The privacy paradox was evidenced in the early 2000s (eg.: Spiekermann et al., 2001; Acquisiti, 2004; Norberg et al., 2007) and it has been studied and shown to be valid in different areas such as online shopping (Bandara et al, 2020; Li et al., 2017) online social network (Chen, 2018; Taddicken, 2014 ) internet of things (Williams et al., 2016) mobile application (Barth et al., 2019). Also, distinct researches applied different types of methodology providing support for the privacy paradox existence (Table 2). 
[bookmark: _Toc51612560]
Table 2. Studies that support privacy paradox
	Study
	Context
	Methodology

	Acquisiti (2004)
	e-Commerce
	Conceptual - Analytic

	Bandara et al.(2020)
	e-Commerce
	Interviews

	Barth et al. (2019)
	Mobile phones
	Experiment

	Chen (2018)
	Social Network Sites
	Survey

	Hallam & Zanella ( 2017)
	Social Network Sites
	Survey

	Yee et al. (2019)
	Social Network Sites
	Interviews

	Li et al. (2017)
	e-Commerce
	Survey

	Norberg et al. (2007)
	Finance Services
	Experiment

	Spiekermann et al. (2001)
	e-Commerce
	Experiment

	Taddicken, (2014)
	Social Network Sites
	Survey

	Williams et al. (2016)
	internet of things
	Literature Review



According to Barth and Jong (2017), different theories have been used to study the privacy paradox that can be clustered into two main categories: one based on risk-benefit calculation and others based on prevalent benefits and little to no risk assessment. Researchers were successful in explaining the apparent behavior gap with different approaches (Barth & Jong, 2017; Gerber et al., 2018). However, the personalization-privacy paradox was not sufficiently explored.
In some situations, users neglect the risk (Barth & Jong, 2017), and provide information in exchange for benefits and personalized services (Acquisti & Grossklags, 2005). Personalization refers to a marketing strategy that provides the right content to a specific person at the right time (Tam & Ho 2006). For business, personalization is a way to better serve their customer, increasing customer satisfaction, consumer engagement (Rust & Chung 2006) and improving their profitability (Zhang & Wedel 2009).
This customization strategy can only be applied on a large scale with technology that collects and learn about consumer’s behavior from a large amount of personal data and algorithms (Bandara et al., 2020). Different online areas apply the personalization strategy. Online advertisers use consumers´ behavior for targeted ads (Goldfarb & Tucker, 2011). This strategy brings a result twice as effective as impersonal versions of an ad (Tucker, 2014). E-commerce uses this practice to provide recommendations to consumers focusing on their personal preferences and behaviors of other users that have similarities (Montgomery & Smith 2009).
Personalization is seen as a positive factor because it increases service relevance and customer adoption (Acquisti & Grossklags, 2005). However, it also can increase the sense of vulnerability and consumer discomfort (Aguirre et al., 2014) This situation is referred to as privacy–personalization paradox (Norberg et al., 2007).
In general, the privacy paradox is considered a controversial topic because previous studies lack consistency in the results. Some authors claim that users behave differently to their speech (Acquisiti, 2004; Hallam & Zanella, 2017), while others indicate that user behavior follows their concerns (Dienlin & Trepte, 2015; Blank et al., 2014; Miltgen & Peyrat-Guillard, 2014). 
According to Kokolakis (2017), the discrepancy of the result is a matter of interpretation and methodologies. Another point is that privacy is a contextual phenomenon and it is not supposed to expect identical behavior in different contexts (Morando et al., 2014). 
Privacy phenomenon deserves more attention and researches to explain the subject (Barth & Jong, 2017). Therefore, this study will follow the privacy calculus concept to understand consumer perception of benefits and cost, highlighting what factors deter user´s behavior to disclose personal information online. 
On the next chapter, we will present the research model and the proposed methodology in more detail.
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The conceptual model contemplates drivers and deterrents of information disclosure. The framework is based on the literature overview following the benefit/cost perspective. Therefore, we assume that users confront a trade-off calculus when they decide to share personal data (Dinev and Hart 2006; Zhao et al., 2012).
For this study, different benefits will be considered to understand user priority to disclose information. This path is necessary for this research to give a detailed overview of privacy decisions. Moreover, for the privacy calculus model, it is vital to consider the benefits (Chen, 2018). 
As it was exposed in Table 1, different benefits were previously studied in a non-consistent, comprehensive way. However, from the analysis of prior studies (Table 1) it was possible to identify three major categories, including (i) utilitarian benefits such as consumer information and monetary rewards (e.g., Li et al., 2010; James et al., 2015); (ii) social benefits such as social support, gratification and validation (e.g., Lee et al., 2013; Trepte et al., 2017); and (iii) emotional/hedonic benefits such as entertainment and enjoyment (e.g., Krasnova et al., 2010; Krafft et al., 2017). Thereby we aim to gather them into three groups just as it was done by Sweeney and Soutar (2001) to analyze customer value related to online transactions. The scale emphasizes that consumer values not only the utilitarian aspect but also the emotional and social factors. 
In the current study, we focus on users’ willingness to share information to access a given online service. For this context, we consider the utilitarian value to include convenience which is the ability to proceed with an online activity without difficulty and saving time (Chiu et al.; 2014; Gensler et al., 2012;). Another factor is information that stands for easy access to details online (Varshney et al., 2000) Finally, the utilitarian benefit gathers economic aspects which is the financial reward and good value for money (Chiu et al.; 2014; Hui et al. 2007). The emotion value is referred to the feelings or affective states that a product or service causes (Sweeney & Soutar 2001). Taking into consideration the importance of hedonic motivation in the Unified Theory of Acceptance and Use of Technology and the perceived enjoyment in the Technology Acceptance Model (Venkatesh et al., 2012), we assume the emotional fact as fun, enjoyment, and entertainment. At last, social value refers to the enhancement of social aspects (Sweeney & Soutar, 2001) and social influence (Venkatesh et al, 2003). According to the Theory of Planned Behavior (Ajzen, 1985), social influence i.e., an individual’s perception that most people who are important to him think he/she should or should not perform a certain behavior may play a role, including when the behavior in question refers to online information disclosure (Kaushik et al., 2018).
The amount of data that users intend to disclose will differ significantly according to the proposed benefit (Wadle et al., 2019). 
Privacy concerns are another point that influences user’s privacy behavior (Xu et al., 2011), therefore will be analyzed in this study. Several researchers have proven the negative outcome of privacy concerns on consumers’ willingness to share personal information (Dinev & Hart, 2006; Zhao et al., 2012). The perceived sense of risk is the main factor that determines individual willingness to disclosure (Krasnova et al, 2010). Privacy concerns are mainly gathered into two groups (Smith et al, 1996) The first group is related to unauthorized access to consumer’s personal information. The second group is associated with secondary use for a different purpose without the user’s authorization (Culnan & Armstrong, 1999). 
As the notion of privacy concerns depends on the situation and contexts (Xu et al., 2011), we are taking into consideration information sensitivity. This moderator is referred to certain informations that could cause damage users personal/professional life if revealed to other (McKnight et al., 2011) Perceived sensitive information was confirmed to negatively influences the disposition to share personal data (Yang & Wang, 2009), however, the subject was not fully explored and deserves to be analyzed in more depth way. 
Finally, this model focus on consumer social-demographic moderator (e.g., age, gender) to provide a generalist view of the subject and thus being able to be applied in different environments. 
Although the selected elements do not cover all benefits and costs that exist in using the online world, they represent factors that could be important to study together.
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[bookmark: _Toc51612542]Figure 1. Proposed Research Framework
 	Utilitarian benefits allude to economic, information, and convenience aspects. All of these factors were seen to be a key influence on consumer choice (Sweeney and Soutar, 2001). For Al-Jabri et al. (2019) convenience and financial rewards had a major impact on consumers to disclose personal information. A similar result was founded by Chiu et al. (2014) that claims that utilitarian benefits, such as financial and convenience had a positive impact on e-commerce. Moreover, monetary savings were found to be the most prominent benefit for loyalty programs (Mimouni-Chaabane & Volle; 2010). As most of the users use the internet to check and give information such as product price, reviews, compare product features, and ask friends their opinions (Kang et al., 2015), the information benefit have a positive impact for consumer. 
H1. Utilitarian Benefits such as (i) convenience, (ii) economic and (iii) information will have a positive impact on consumers’ willingness to share personal information.
 	Taking into account that emotional benefit is referred in this study to fun, enjoyment, and entertainment, researchers have emphasized the positive impact of this factors for disclosing information online on mobile activities (Nysveen et al., 2005; Tsang et al., 2004); e-commerce (Hausman & Siekpe 2009) social media (Krasnova & Veltri, 2010) and for loyalty programs (Mimouni-Chaabane & Volle; 2010). More recently Krafft et al. (2017) revealed that consumer tends to grant permission when the perceived benefit is entertaining communication. 
H2. Emotional Benefits will have a positive impact on consumers’ willingness to share personal information.
For Sweeney and Soutar (2001), the ability to build social values may pay substantial dividends for companies. From the perspective of data sharing, social aspects, such as socialization and pleasing other and social capital did influence the willingness to disclose on social media networks (Chen, 2018; James et al., 2015; Li et al., 2019). The impact of this factor is understood considering that we live in an interconnected age where is expected to follow this characteristic (Pasternak et al., 2017). Moreover, in the process of shopping consumers express social identities (Kerviler et al., 2016). Finally, theories, such as Unified Theory of Acceptance and Use of Technology, highlights the importance of social influence to trigger consumer’s intention (Venkatesh et al, 2012)
H3. Social Benefits of information disclosure will have a positive impact on consumers’ disposition to share personal information.
The negative impact of privacy concerns on users' willingness to disclose was proven to exist in several types of research in a different context (Krafft et al., 2017; Milne & Culnan, 2004; Zhao et al., 2012). From the perspective of the Privacy Calculus model, the privacy concern is the factor that impacts the disposition to give personal information because it brings fear to the consumer as it is seen to be a risk (Cho et al., 2010; Dinev & Hart, 2006; Krafft et al., 2017). Therefore, privacy concerns can be considered a factor that inhibits the disclosure of personal information.
H4. Privacy concerns of information disclosure will have a negative impact on consumers’ disposition to share personal information.
Perceived sensitive information has a negative effect on the intention of sharing personal data (Yang & Wang, 2009) because it directly influences privacy concerns (Cavusoglu et al., 2016; Kim et al., 2019; Koohikamali et al., 2019; Li, 2011; Xu et al., 2013). Users tend to weight differently the information shared according to the degree of sensitivity, in consequence, they have different privacy perceptions (Li et al., 2011; Malhotra et al., 2004). Information sensitivity is defined as an individual attitude (Schomakers et al., 2019) therefore gender and age are proven to be an important moderator (Balapour et al., 2020). Moreover, other studies proved that information sensitivity changes with individual differences and context (Nowak & Phelps, 1992; Phelps & Nowak, 2000; Sheehan & Hoy, 2000). Therefore, it can be hypothesized that:
H5.  Information sensitivity will moderate the impact of privacy concerns on consumers’ disposition to share personal information.
H6. Information sensitivity will moderate the impact of each benefit, i.e. utilitarian (i), emotional (ii), and social (iii) on consumers’ disposition to share personal information.
Previous studies have focus on understanding the willingness to share personal information through age. However, the literature present contradictory conclusion.
On one hand, some authors affirm that younger users disclose more information (Jai & King, 2016) because they don´t understand the risk and danger (Acquisti & Gross, 2006). On the other hand, other studies have proven that age to not affect self-disclosure online (Taddicken, 2014; Hoofnagle et al., 2010). Blank et al (2014) add that the belief that young users are careless is potentially wrong because they are the group that is more likely to have checked or changed their privacy settings on social network sites. Hargittai and Marwick (2016) reported that younger users are used to do a wide variety of protective measures online. Even though this recently finds highlights that younger users also worry about privacy, there is more evidence on the literature that young people share more information online than older users (Nosko et al., 2010; Walrave et al., 2012). They may have concerns about privacy; however, they behave in conflict with their speech, which could be considered a privacy paradox (Chen, 2018).
Even though researchers investigated the effect of age, this factor has not been extensively studied as a moderator, which makes the existing studies less generalizable. Thereby, we intend to understand the impact of age on benefits and costs. 
	Following previous studies that concluded that age impact the willingness to share personal information, we hypothesized that:
H7. Consumers age will moderate the impact of privacy concerns on consumers’ disposition to share personal information.
H8. Consumers age will moderate the impact of each benefit, i.e. utilitarian (i), emotional (ii), and social (iii) on consumers’ disposition to share personal information
Gender is considered an important moderator for disposition to share personal information online. Different studies concluded that women have more concerns about privacy and men are more willing to share their personal information (Jai & King, 2016; Litt & Hargittai, 2014). However, recent studies have shown that gender differences related to privacy practices exist, but it is not so significant. Boyd and Hargittai (2010) have noticed a few gender differences in privacy behavior. Moreover, Taddicken (2014) claims that gender has only an impact on the decision to share information when it comes to sensitive data with public access. 
Although these studies show a minor discrepancy in gender behavior, the difference still exists.
As gender was not widely studied as a general moderator, we aim to understand their effects on benefits and cost. Taking into consideration that age influences the willingness to disclose personal information, user’s behavior towards benefits and costs will vary according to gender.
H9. Consumers gender will moderate the impact of privacy concerns on consumers’ disposition to share personal information
H10. Consumers gender will moderate the impact of each benefit, i.e. utilitarian (i), emotional (ii), and social (iii) on consumers’ disposition to share personal information	

[bookmark: _Toc51756470]3.2 Methodology
	There are several studies focusing on privacy with different methods. Researches associated with direct questions such as “What?” usually uses quantitative methods. On the other hand, researchers associated with “deep” questions such as “why” apply qualitative methodology (Barnham, 2015).
In Table 3, we gather similar studies to compare and analyze the methodologies used in order to choose the most appropriate method for the present research. 
[bookmark: _Toc51612561]
Table 3. Methods applied on similar studies
	Study
	Data collection Method
	Quantitative?
	Scale used

	(Dinev & Hart, 2003)
	Survey
	Yes
	Likert scale

	(Jozani et al., 2020)
	Survey
	Yes
	Likert scale

	(Li et al., 2019)
	Survey
	Yes
	Likert scale

	(Li et al., 2011)
	Survey
	Yes
	Likert scale

	(Kim et al., 2019)
	Survey
	Yes
	Likert scale

	(Krafft et al., 2017)
	Questionnaire
	Yes
	Likert scale

	(Yang, Gong, Zhang, Liu & Lee, 2020)
	Survey
	Yes
	Likert scale



As this study aims for generalization of the problem, we opt to collect data through an online survey to perform a quantitative analysis.  This method is a successful strategy to similar model such as the one we proposed because it allows to test and quantify connection between variable through a holistic view (Saunders et. al., 2019). Using an online questionnaire is positive in terms of speed of response, the low associated cost, and the easy way of contacting the target audiences (Malhotra & Birks, 2006).
In the specific case of this work, a structured questionnaire of closed questions was created. First, because it is a simple way to manage. Second because the results are consistent, thanks to the limited number of answers to which question (Malhotra & Birks, 2006).
The selected hypotheses result from the literature review and will be operationalized through the data collected by the online questionnaire. Using the quantitative methodology, the current study seeks to test the defined hypotheses and understand if exist a cause-effect relationship (Malhotra et al., 2003).
The Likert scale was applied because it is the most common instrument used to measure affective variables such as motivation (Nemoto & Beglar, 2014). Moreover, the scale allows researchers the possibility to easily gather large amounts of data.  For participants, it provides independence to select any answer in a balanced way because it presents a neutral point (Joshi et al., 2015). Therefore, the Likert scale is in line with the purpose of the current research.
In brief, this study plan to present a general point of view therefore will use an online questionnaire to gather a large data pool, using the Likert scales. After data collection, the information will be analyzed under a quantitative method.
As methodology has the ability to show the results of the method and bring a better view of the research process itself for the readers (Kaplan, 1998), we believed that the choice made is the best option not only for the research but also for readers.

[bookmark: _Toc51756471]3.3 Data Collection		
The survey and the collection of data were administered online, using Google Forms and it was made available to a network of acquaintances present in social networks and through e-mail to students and staff of the University of Porto. 
To understand the proposed hypotheses, questions were adapted based on similar studies. We took into consideration the objectives of the present study and made some changes so that the items to be measured, follow the purpose of this research.
As the questionnaire was created for Brazilian and Portuguese consumers, we had to translate all the items to Portuguese so that everyone could understand. Moreover, all the questions were adapted so that small linguistic differences between the countries would not hinder understanding.
To ensure the comprehension of the survey, we did a small test with 30 people to collect feedback and verify the overall perception of items and questions. Based on the comments, we did some adjustments to improve the understanding of the questionnaire.
The focus of the study is on consumers that share personal information online, therefore we emphasized that the survey was directed only to users with this behavior. Additionally, we ask participants to take into account the last experience to reinforce the context and the aspects that influence users to give information.
The survey of the present investigation was developed to analyze the perception of benefits and costs and their influence on willingness to share personal information. Based on previous studies, we assign different attributes for each factor or variable in order to verify the corroboration or refutation of the hypotheses of the study.
We present in Table 4 the construction and the questions in the questionnaire based on the literature: 
[bookmark: _Toc51612562]Table 4. Literature Support of the proposed questions
	Scale
	
	Source of Measure

	Perceived utilitarian benefit: convenience

	Conv1
	It allows me to do what I needed in a more practical way.
	Venkatesh et al., 2003; Childers et al., 2001

	Conv2
	It allows me to save time.
	

	Conv3
	It would be a convenient way to do what I need it.
	

	Perceived utilitarian benefit: economic

	Eco1
	It allows me to save money.
	Mimouni-Chaabane & Volle, 2010; Kerviler et al., 2016

	Eco2
	It would allow me to do my shopping at a lower financial cost.
	

	Eco3
	It allows me to have access to special promotions.
	

	Perceived utilitarian benefit: information

	Info1
	It allows me to get information about stores and products.
	Mimouni-Chaabane & Volle, 2010

	Info2
	It allows me to access product price comparisons.
	

	Info3
	It allows me to get useful information to make better shopping decisions.
	

	Perceived emotional benefit: enjoyment

	Enjoy1
	It's enjoyable.
	Venkatesh et al., 2012

	Enjoy2
	It's entertaining.
	

	Enjoy3
	It´s fun.
	

	Perceived social benefit: social acceptance

	Social1
	It allows me to have access to something people important to me think I should use.
	Venkatesh et al., 2003

	Social2
	It allows me to feel accepted by others.
	Sweeney & Soutar, 2001

	Social3
	It's allowed me to improve the way I am perceived by others.
	Sweeney & Soutar, 2001

	Perceived Risks: privacy concerns

	PR1
	The risk that my personal information will be used for other purposes.
	Dinev & Hart, 2006

	PR2
	The risk that my personal information will be revealed to governmental entities.
	

	PR3
	The risk that my transactions and banking data will be granted access to.
	

	PR4
	The risk of my personal information being made public.
	

	PR5
	The risk of having my personal information made available to third parties/companies without my authorization.
	

	Information Sensitivity

	IS1
	Providing personal (demographic) information online is very sensitive for me.
	Bansal et al., 2020; McKnight et al., 2011; Phelps et al., 2000

	IS2
	Providing physical information online is very sensitive for me.
	

	IS3
	Providing financial information is very sensitive for me.
	

	IS4
	Providing activity information online is very sensitive for me.
	

	Willingness to share information

	WSI1
	I intend to continue to share my personal information online in the future with this company.
	Venkatesh et al., 2003.

	WS2
	I predict I would share personal information continuously with this company.
	

	WS3
	I plan to share my personal information from now on with this company.
	


			
In addition to these questions above, demographic data were asked at the beginning of the survey, which can be found on Appendix 1.
According Malhotra & Birks (2006), the sample must be sufficiently representative so that the researcher can generalize the results obtained in the study.	Therefore, we follow the perspective of Hair et al. (2009), which establishes that an acceptable sample corresponds to, at least, five times the number of questions of each variable to be analyzed.

[bookmark: _Toc51756472]3.4 Data Analysis					
The questionnaire was available from 6th of May to 10th of June of 2020. After removing incomplete, inconsistent answers and all the outliers, the final sample is constituted of 170 valid participants. 
The following section will present the results of the data obtained. First, we present the characteristics of the sample, such as demographics. Then, the study focuses on showing a descriptive analysis of the sample, presenting the average and the standard deviation of the questions made. To prepare this preliminary analysis of the data, we used the software Excel.
Subsequently, we offer a factor analysis, using the software SmartPLS to measure the reliability and validity of the proposed model. Thus, we resort to the Structural Equation Modeling to observe the relation between the variable and to test the hypotheses. 
[bookmark: _Toc51756473]3.4.1 Sample Description
The first step of data analysis will be to understand the personal characteristics of the 170 valid responses.
The sample´s demographics characteristics such as age and gender are presented at Table 5. It´s possible to see that female are more representative in the sample (59,4%) than male (40,6%).	
There is also a concentration of young adults with age between 28 and 37 years old (38,8%) that shared personal information online. This condition probably occurs because most of the respondent consists of students from the University of Porto.
[bookmark: _Toc51612563]Table 5. Demographics characteristics
	Characteristics
	Sample

	
	Respondents
	%

	Age
	
	

	18-27
	38
	22,4

	28-37
	66
	38,8

	38-47
	24
	14,1

	48-58
	23
	13,5

	>58
	19
	11,2

	Gender
	
	

	Female
	101
	59,4

	Male
	69
	40,6

	Total
	170
	100


	
The participants were also asked four other question taking into consideration the transactional situation that they shared personal information. The first one regarded the frequency that they share data online. The second question was about the sector and context that the information was shared. The third question approached where the information was shared. Last but not least, it was asked if participant consider the information that they shared as a sensitive information. The characteristics of these results can be seen in Table 6.
Regarding the frequency that participant shared personal information it´s possible to observe the relevance of two factors, “Occasionally” and “Frequently” sharing, with 42,9% and 40% respectively, with respondents who shared “Rarely” representing 17,1% of the sample. 
Considering the sector that users have last interact giving their personal information online, table 6 show a significant concentration in Shopping (51,2%). The smallest interaction appeared to be in Tourism with only 4,7% of the respondents having last shared with that sector. This situation probably happened because the information for this study was collected during the quarantine of the Covid-19 in which travel was not possible.
[bookmark: _Toc51612564]Table 6. Sharing frequency, sector of last disclosure and information sensitivity
	Characteristics
	Sample

	
	Respondents
	%

	Sharing Frequency 
	
	

	Rarely 
	29
	17,1

	Occasionally 
	73
	42,9

	Frequently 
	68
	40,0

	Sector
	
	

	Shopping
	87
	51,2

	Communication
	9
	5,3

	Entertainment 
	14
	8,2

	Banking/Finance 
	27
	15,9

	Healthcare 
	13
	7,6

	Tourism 
	8
	4,7

	Others
	12
	7,1

	Where
	
	

	App
	48
	28,2

	Ecommerce
	51
	30,0

	Social Media
	15
	8,8

	Website
	56
	32,9

	Consider Sensitive Information
	

	No
	46
	27,1

	Yes
	124
	72,9

	Total
	170
	100



Additionally, another characteristic of the respondents that was analyzed was where the respondents share the information online. It is possible to observe on Table 6 that App, Ecommerce and Website have similar results with 28,2%, 30% and 32,9%, respectively, and Social Media have only 8,8%. 
Finally, most of respondents consider that if the information shared where leaked it could bring personal/professional damage for their life. Therefore, 72,9% participants answered that the data disclosed is a sensitive information against 27,1%.			
[bookmark: _Toc51756474]3.4.2 Descriptive Analysis
Table 7 displays the average and standard deviations of all questions presented in the questionnaire.
The variable “Perceived Utilitarian Benefit” was separated into three major aspects: convenience, economic and information. All of them had close average. When analyzing the questions of convenience, it´s possible to see that question CONV1 (“It allows me to do what I needed in a more practical way”) had the highest average 4,441 and a standard deviation of 0,694. The economic aspect had the question ECO3 (It allows me to have access to special promotions.) with the highest average 3,600 and a standard deviation of 1,134. Finally, the questions about information aspect of utilitarian benefit had the question INFO1 (“It allows me to get information about stores and products”) with the highest average value, 3,776, with a standard deviation of 0,999. 
When taking into consideration the “Perceived Emotional Benefit” variable, the question ENJOY3 (“It´s fun”) had the lowest average, with 3,265, and a standard deviation of 1,114. 
 
[bookmark: _Toc51612565]Table 7. Descriptive Analysis
	Question
	Average 
	Standard Deviation 

	Perceived utilitarian benefit
	 
	 

	Conv1
	It allows me to do what I needed in a more practical way.
	4,441
	0,694

	Conv2
	It allows me to save time.
	4,276
	0,720

	Conv3
	It would be a convenient way to do what I need it.
	4,394
	0,697

	Eco1
	It allows me to save money.
	3,453
	1,138

	Eco2
	It would allow me to do my shopping at a lower financial cost.
	3,441
	1,188

	Eco3
	It allows me to have access to special promotions.
	3,600
	1,134

	Info1
	It allows me to get information about stores and products.
	3,776
	0,999

	Info2
	It allows me to access product price comparisons.
	3,694
	1,143

	Info3
	It allows me to get useful information to make better shopping decisions.
	3,594
	1,071

	Perceived emotional benefit
	 
	 

	Enjoy1
	It's enjoyable.
	3,712
	0,979

	Enjoy2
	It's entertaining.
	3,418
	1,141

	Enjoy3
	It´s fun.
	3,265
	1,114

	Perceived social benefit
	 
	 

	Social1
	It allows me to have access to something people important to me think I should use.
	2,871
	1,125

	Social2
	It allows me to feel accepted by others.
	2,241
	1,135

	Social3
	It's allowed me to improve the way I am perceived by others.
	2,365
	1,157

	Perceived Risks
	 
	 

	PR1
	The risk that my personal information will be used for other purposes.
	4,665
	0,668

	PR2
	The risk that my personal information will be revealed to governmental entities.
	3,596
	1,177

	PR3
	The risk that my transactions and banking data will be granted access to.
	4,688
	0,705

	PR4
	The risk of my personal information being made public.
	4,606
	0,722

	PR5
	The risk of having my personal information made available to third parties/companies without my authorization.
	4,624
	0,743

	Information Sensitivity
	 
	 

	IS1
	Providing personal (demographic) information online is very sensitive for me.
	2,776
	1,207

	IS2
	Providing physical information online is very sensitive for me.
	3,182
	1,146

	IS3
	Providing financial information is very sensitive for me.
	4,488
	0,721

	IS4
	Providing activity information online is very sensitive for me.
	4,006
	0,917

	Willingness to share information
	 
	 

	WSI1
	I intend to continue to share my personal information online in the future with this company.
	3,194
	0,835

	WSI2
	I predict I would share personal information continuously with this company.
	3,241
	0,878

	WSI3
	I plan to share my personal information from now on with this company.
	3,241
	0,844


Additionally, when analyzing the variable “Social Benefit”, it´s clear that the question SOCIAL1 (“It allows me to have access to something people important to me think I should use”) obtained the highest answer average, 2,871 (but yet rather low), with 1,125 of standard deviation.  
Regarding the questions about the variable “Perceived Risks”, question PR2 (“The risk that my personal information will be revealed to governmental entities”) achieved the lowest average with 3,596, and a standard deviation of 1,177.
For the variable “Information Sensitivity”, it´s possible to see that question IS3 (“Providing financial information is very sensitive for me”) was the one with the highest average of 4,488, and 0,721 of standard deviation 
Finally, the question about the variable “Willingness to Share Information” did not present a disperse result, question WSI2 (“I predict I would share personal information continuously with this company”) and WSI3 (“I plan to share my personal information from now on with this company”) have the same averaged 3,241 with 0,878 and 0,844 of standard deviation respectively.
[bookmark: _Toc51756475]3.4.3 Factor Analysis
The factor analysis is used in Structural Equation Models in order to verify the correlation of variable and the quality of the theoretical model (Marôco, 2014). For this analysis, we used the solution “bootstrapping” of SmartPLS. This statistical procedure resamples the original dataset to creates subsamples with observations randomly drawn (replacement). To ensure the reliability of the results, it is necessary to have a high number of subsamples. In this in this study we use 1000 subsamples.  
We present in Figure 2 the model created with the software SmartPLS. 
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[bookmark: _Toc51612543]Figure 2. Structural model - Hypotheses H1 to H4

To assess the reliability of the sample, we calculated Cronbach’s alpha, Composite Reliabilities (CR), and Average Variances Extracted (AVE).
All of these measures, Cronbach's alpha, Average Variance Extracted (AVE) and Composite Reliability (CR), have minimum values for a factor to be considered reliable, which is 0.70, 0.50 and 0.70 respectively (Fornell & Larcker, 1981; Hair et al., 2009). Therefore, we had to eliminate the items PR2 of the variable “Perceived Risks” and exclude the variable “Perceived Utilitarian Benefit: Information” since they have non-significant loadings that impaired the respective reliability indexes. Therefore, in this model the hypotheses that the “Perceived Utilitarian Benefit: Information” would have impact on “Willingness to Share Information” is not valid.  
As can be seen in Table 8, all factors showed to be acceptable for Composite Reliabilities (CR) and Average Variances Extracted (AVE) with values above the minimums recommended. For the Cronbach's alpha values, all variables have significant results (between 0,856 and 0,971). 
Following the factor analysis, loadings should be higher than 0,5 to be considered acceptable (Hair et al., 2009). The result displayed in Table 8, show that all variables have satisfactory results with values between 0,634 and 0,999
The reliability of the factors is also seen in the t-values, since all variables have results greater than 1,96. The factor WSI2 have the highest result with 214,266 in contrast, the variable ENJOY1 have the lowest result with 2,636. 
[bookmark: _Toc51612566]Table 8. Measurement scales, reliability and dimensionality statistics.
	Measures
	 
	Loadings
	t-value
	Means
	CR (AVE)

	Perceived Utilitarian Benefit: Convenience (α=.880)
	 
	 
	 
	.924 (.803)

	Conv1
	It allows me to do what I needed in a more practical way.
	0.896
	12.489
	0.888
	

	Conv2
	It allows me to save time.
	0.876
	9.928
	0.859
	

	Conv3
	It would be a convenient way to do what I need it.
	0.915
	13.856
	0.910
	

	Perceived Utilitarian Benefit: Economic  (α=.876)
	 
	 
	 
	.880 (.715)

	Eco1
	It allows me to save money.
	0.811
	3.407
	0.787
	

	Eco2
	It would allow me to do my shopping at a lower financial cost.
	0.999
	4.252
	0.839
	

	Eco3
	It allows me to have access to special promotions.
	0.698
	2.770
	0.765
	

	Perceived Emotional Benefit (α=.859)
	 
	 
	 
	.900 (.756)

	Enjoy1
	It's enjoyable.
	0.634
	2.636
	0.592
	

	Enjoy2
	It's entertaining.
	0.956
	5.056
	0.886
	

	Enjoy3
	It´s fun.
	0.975
	4.510
	0.905
	 

	Perceived Social Benefit (α=.856)
	 
	 
	 
	.909 (.769)

	Social1
	It allows me to have access to something people important to me think I should use.
	0.853
	5.849
	0.818
	 

	Social2
	It allows me to feel accepted by others.
	0.922
	6.445
	0.883
	

	Social3
	It's allowed me to improve the way I am perceived by others.
	0.855
	4.935
	0.815
	

	Perceived Risks (α=.953)
	 
	 
	 
	.966 (.875)

	PR1
	The risk that my personal information will be used for other purposes.
	0.935
	17.056
	0.931
	 

	PR3
	The risk that my transactions and banking data will be granted access to.
	0.946
	14.572
	0.936
	

	PR4
	The risk of my personal information being made public.
	0.936
	10.962
	0.921
	

	PR5
	The risk of having my personal information made available to third parties/companies without my authorization.
	0.925
	13.953
	0.915
	

	Willingness to Share information (α=.971)
	 
	 
	 
	.981 (.945)

	WSI1
	I intend to continue to share my personal information online in the future with this company.
	0.967
	111.056
	0.966
	 

	WSI2
	I predict I would share personal information continuously with this company.
	0.980
	214.266
	0.980
	

	WSI3
	I plan to share my personal information from now on with this company.
	0.968
	118.991
	0.969
	 


Finally, we investigate the discriminant validity which analyze the latent constructs correlations and the square root of their specific AVE. The discriminant validity is only supported if the square root of AVE for each construct is greater than the correlations between them (Fornell and Lacker, 1981). Moreover, according to Bagozzi and Yi (1988), the correlations between the factors should not exceeding 0.85. As can be seen in Table 9, both conditions are respected, thus supporting discriminant validity (Anderson & Gerbing, 1988). 
[bookmark: _Toc51612567]Table 9. Discriminant validity analysis.
	Construct 
	Perceived Emotional Benefit
	Perceived Risks
	Perceived Social Benefit
	Perceived Utilitarian Benefit: Convenience
	Perceived Utilitarian Benefit: Economic
	Willingness to Share Information

	Perceived Emotional Benefit
	0.869
	
	
	
	
	

	Perceived Risks
	0.198
	0.936
	
	
	
	

	Perceived Social Benefit
	0.375
	0.142
	0.877
	
	
	

	Perceived Utilitarian Benefit: Convenience
	-0.049
	0.002
	-0.050
	0.896
	
	

	Perceived Utilitarian Benefit: Economic
	0.229
	0.138
	0.293
	0.177
	0.845
	

	Willingness to Share Information
	-0.151
	-0.221
	-0.132
	0.202
	-0.044
	0.972


 Note: Off-diagonal elements are the correlations among the scales. Diagonal elements (bold) are the square roots of average variance extracted (AVE) between the constructs and their measures. 	

[bookmark: _Toc51756476]3.4.3 Hypotheses Analysis: H1 – H4
After the preliminary and factor analysis, we proceed with the analysis of the proposed hypotheses. Once again, we used the solution “bootstrapping” of the software SmartPLS to determine the beta coefficient (β). According to Chin (2010), this technique is ideal to analyze the importance of the β and to show standard errors for hypothesis testing. 
Through the observation of Figure 3, it is possible to understand that two paths have significant result (p<0.05). The variable “Perceived Utilitarian Benefit: Convenience” present a direct impact (β=0,199) on “Willingness to Share Information”. Moreover, the results of “Perceived Risks” (β=0,196) show the direct impact on the factor “Willingness to Share Information”.
[image: ]
[bookmark: _Toc51612544]Figure 3. Structured Model - Hypotheses Analysis: H1 – H4
 
As it can be seen in table 10, The variables “Perceived Utilitarian Benefit: Economic” (β=-0,017), “Perceived Emotional Benefit” (β= 0,075, “Perceived Social Benefit” (β= 0,061) did not have a significant effect on “Willingness to Share Information”. 


[bookmark: _Toc51612568]Table 10. Results Structured Model - Hypotheses Analysis: H1 – H4
	Hypothesis
	Relationship
	Standardized Coefficient 
	t-value 
	Results

	H1(i)
	Perceived Utilitarian Benefit: Convenience -> Willingness to Share Information
	0,199
	2,6
	Supported 

	H1(ii)
	Perceived Utilitarian Benefit: Economic -> Willingness to Share Information
	-0,017
	0,159
	Non-Supported 

	H1(iii)
	Perceived utilitarian Benefit: Information -> Willingness to Share Information
	-
	-
	Non-Supported 

	H2
	Perceived Emotional Benefit -> Willingness to Share Information
	0,075
	0,815
	Non-Supported 

	H3
	Perceived Social Benefit -> Willingness to Share Information
	0,061
	0,758
	Non-Supported 

	H4
	Perceived Risks -> Willingness to Share Information
	0,196
	2,896
	Supported 


Note: Supported for t>1,96 (p<0,05) 
We can also conclude that the model explains 10,4% of the intention to share information.
[bookmark: _Toc51756477]3.4.3.1 Hypotheses Analysis: H5 – H10
In addition to the analysis using the structural model, a multi-group analysis (MGA)  was performed to understand the influence of information sensitivity (H5 and H6), age (H7 and H8) and gender (H9 and H10). The multi-group analysis aims to investigate the path coefficients of the proposed model and indicate if there are significant differences between two groups (Matthews et al., 2018). According to Hair et al., (2012) the MGA is a successful way to understand the moderation across multiple relationships.
Regarding the influence of Information Sensitivity (H5 and H6), group 1 corresponds to individuals who judge that the information shared is sensitive (individuals that answered "Yes" to the question "Do you consider that the information shared can cause a high risk to your personal and / or professional life if it is exposed unduly?"), and group 2 corresponds to individuals who judge that the information shared is not sensitive (individuals that answered "No" to the question "Do you consider that the information shared can cause a high risk to your personal and / or professional life if it is exposed unduly?"). The group 1 is constituted by 124 respondents and the group 2 by 46 respondents. The results can be seen in Table 11.
[bookmark: _Toc51612569]Table 11. Results Multi-Group Analysis – Perceived Sensitive Information
	Construct 
	β1
	β2
	P-Value 
	P-Value

	
	Group 1
	Group 2
	Group 1
	Group 2

	Perceived Utilitarian Benefit: Convenience -> Willingness to Share Information
	0,151
	0,397
	0,080 (n.s)
	0,035*

	Perceived Utilitarian Benefit: Economic-> Willingness to Share Information
	0,072
	0,013
	0,560 (n.s)
	0,947 (n.s)

	Perceived Emotional Benefit -> Willingness to Share Information
	-0,125
	-0,149
	0,316 (n.s)
	0,437 (n.s)

	Perceived Social Benefit -> Willingness to Share Information
	-0,157
	0,325
	0,067 (n.s)
	0,155 (n.s)

	Perceived Risks -> Willingness to Share Information
	-0,194
	-0,336
	0,010*
	0,314 (n.s)

	* Supported for (p<0,05) 
	
	
	
	



It is possible to conclude that there is a significant difference for Convenience and Perceived Risk. For group 2 the “Perceived Utilitarian Benefit: Convenience” significant impacts on Willingness to Share Information (p<0.05). For the other group, the same benefit did not present an important factor. However, “Perceived Risks” have a significant impact on Willingness to Share Information (p<0.05) for group 1. In contrast, risks are not a significant factor for group 2. This demonstrates that individuals that do not consider the information shared as sensitive value convenience and the opposite group understands that perceived risks impact the willingness to share information. 
For all the other relationships proposed, the Multi-Group Analysis did not present a significant difference between the two groups.   
Regarding the influence of age, group 1 corresponds to individuals with age between 18 and 35, and group 2 to individuals aged 35 years and beyond. The age division was made to separate the Millennials generation to the rest of the group. According to Soares et al. (2017), the Millennials is made up of individuals who were born between the mid 80´s and early 2000´s. The main characteristics of the group is that they were intensely exposed to the internet and they are heavy users of social media (Fernandes & Inverneiro; 2020). Therefore, we believe that it would be interesting to understand their behavior and compare to different group age. 
Group 1 is constituted by 98 respondents and the group 2 by 72 respondents. As can be seen in Table 12, the result of the multigroup analysis once again highlights the influence of convenience and perceived risks. 
[bookmark: _Toc51612570]Table 12. Results Multi-Group Analysis – Age
	Construct 
	β1
	β2
	P-Value 
	P-Value 

	
	Group 1
	Group 2
	 Group 1 
	Group 2

	Perceived Utilitarian Benefit: Convenience -> Willingness to Share Information
	0,289
	0,05
	0,007*
	0,626 (n.s)

	Perceived Utilitarian Benefit: Economic-> Willingness to Share Information
	0,077
	0,056
	0,745 (n.s)
	0,808(n.s)

	Perceived Emotional Benefit -> Willingness to Share Information
	-0,112
	-0,064
	0,0398 (n.s)
	0,768 (n.s)

	Perceived Social Benefit -> Willingness to Share Information
	0,14
	-0,21
	0,342 (n.s)
	0,129 (n.s)

	Perceived Risks -> Willingness to Share Information
	-0,182
	-0,26
	0,384 (n.s)
	0,005*

	* Supported for (p<0,05) 
	
	
	
	


For group 1, “Perceived Utilitarian Benefit: Convenience” has a strong impact on Willingness to Share Information (p<0.05). The same impact does not happen for group 2. However, for group 2 “Perceived Risks” proved to be an important factor for disclosing personal information online (p<0.05). On the other group, the same element did not have a significant impact on willingness to share information.
For all other benefits, it was not found any significant effect to model constructs.
Finally, we analyze the impact of gender on the proposed model. Group 1 corresponds to female with 101 individuals, and group 2 corresponds to male with 69 individuals. The results of this multigroup analysis are presented in Table 13. 
The “Perceived Utilitarian Benefit: Convenience” impacts the willingness to share information for group 2 (p<0.05), however, this benefit is not considered relevant for the other group. 
[bookmark: _Toc51612571]Table 13. Results Multi-Group Analysis – Gender
	Construct 
	β1
	β2
	P-Value 
	P-Value 

	
	Group 1
	Group 2
	 Group 1 
	 Group 2

	Perceived Utilitarian Benefit: Convenience -> Willingness to Share Information
	0,108
	0,377
	0,425 (n.s)
	0,000*

	Perceived Utilitarian Benefit: Economic-> Willingness to Share Information
	-0,098
	0,027
	0,559 (n.s)
	0,834 (n.s)

	Perceived Emotional Benefit -> Willingness to Share Information
	-0,003
	-0,162
	0,983 (n.s)
	0,163 (n.s)

	Perceived Social Benefit -> Willingness to Share Information
	-0,032
	-0,097
	0,795 (n.s)
	0,445 (n.s)

	Perceived Risks -> Willingness to Share Information
	-0,207
	-0,249
	0,046*
	0,091 (n.s)

	* Supported for (p<0,05) 
	
	
	
	


For group 1, perceived risks have a significant impact on willingness to share information (p<0.05).  
Therefore, the multi-group analysis reveals the moderating role of perceived sensitive information, age and gender for convenience and perceived risks. Also, we conclude that “Perceived Utilitarian Benefit: Economic”, “Perceived Emotional Benefit” and “Perceived Social Benefit” did not present a significant difference between the two groups.

[bookmark: _Toc51756478]3.5 Discussion of Results
The present study aimed to observe user´s perception of benefits and costs and their influence on willingness to share personal information. Following the privacy calculus concept, we consider consumer behavior as a trade-off of benefits and costs (Dinev & Hart; 2006). Therefore, we consider three possible benefits: utilitarian, enjoyment, social. As for the costs, we consider perceived online risks. 
Simultaneously, we examine the relationship between perceived sensitive information, age and gender over benefits, costs and the intention to share personal data online on a transactional situation. The main results of this investigation are presented on Table 14.
[bookmark: _Toc51612572]Table 14. Research Hypotheses
	Hypotheses 
	Results

	H1(i). Perceived Utilitarian Benefit: Convenience will have a positive impact on consumers’ willingness to share personal information.
	Supported

	H1(ii). Perceived Utilitarian Benefit: Economic will have a positive impact on consumers’ willingness to share personal information.
	Not Supported

	H1(iii). Perceived Utilitarian Benefit: Information will have a positive impact on consumers’ willingness to share personal information.
	Not Supported

	H2. Emotional Benefits will have a positive impact on consumers’ willingness to share personal information.
	Not Supported

	H3. Social Benefits of information disclosure will have a positive impact on consumers’ disposition to share personal information.
	Not Supported

	H4. Privacy concerns of information disclosure will have a negative impact on consumers’ disposition to share personal information.
	Supported

	H5.  Information sensitivity will moderate the impact of privacy concerns on consumers’ disposition to share personal information.
	Supported

	H6. Information sensitivity will moderate the impact of each benefit, i.e. utilitarian (i), emotional (ii), and social (iii) on consumers’ disposition to share personal information.
	Partially Supported

	H7. Consumers age will moderate the impact of privacy concerns on consumers’ disposition to share personal information.
	Supported

	H8. Consumers age will moderate the impact of each benefit, i.e. utilitarian (i), emotional (ii), and social (iii) on consumers’ disposition to share personal information.
	[bookmark: OLE_LINK1][bookmark: OLE_LINK2]Partially Supported

	H9. Consumers gender will moderate the impact of privacy concerns on consumers’ disposition to share personal information.
	Supported

	H10. Consumers gender will moderate the impact of each benefit, i.e. utilitarian (i), emotional (ii), and social (iii) on consumers’ disposition to share personal information.
	Partially Supported



The values ​​obtained through testing the structural model reveal the importance of two factors: convenience and perceived risks. For hypothesis 1, referred to “Perceived Utilitarian Benefit: Convenience will have a positive impact on consumers’ willingness to share personal information.”, the result is supported. This conclusion can also be found in different studies. Hann et al. (2002) analyzed individual trade-offs when providing personal information to websites and prove that convenience in one of the key points. According to the authors, convenience is a driving force for providing personal information. For online shopping, convenience is a strategic point to promote and preserve customer loyalty (Haridasan & Fernando, 2018). On a self-service transaction, convenience has a tremendous influence on customers’ willingness to explore the technology (Collier & Sherrell, 2010). Therefore, this study follows the established conclusion that convenience is considered one of the principal factors for user´s activities (Jiang et al., 2013).
For the other two perceived utilitarian benefits, the hypotheses were not supported. Although studies have concluded that information is a benefit that influences the intention to disclose personal information on social media networks (James et al., 2015) and mobile app (Pentina et al., 2016) this research could not prove their impact on a transactional environment. 
Economic benefit was another utilitarian benefit that was not supported in this study. This benefit is referred to offers or reduced price that customers may access (Krafft et al., 2017) that is expected to increase user’s willingness to provide personal information online (Hui et al., 2007). A similar result was also obtained in the study by Koh et al. (2020) using transaction data from a cosmetic company that sells online. Their study concludes that on average users do not exchange personal information for monetary benefits, especially customers in the age range of 22–54 years old. Therefore, the non-acceptance of this hypothesis may be due to the fact that 69% of our answers are from people from that age range. 
[bookmark: bbib72]Additionally, social benefit did not prove to be relevant on this research. Even though it is an important factor for the Theory of Planned Behavior (Ajzen, 1991) and it was proven to positive impact consumers’ disposition to share personal information (Pentina et al. 2016),  this model could not prove this impact. The result of the present research is contrary to Jozani et al.(2020) that confirms the positive effects of social benefit on engaging with social media-enabled apps.
For the hedonic benefit, we studied the importance of enjoyment on the disposition of personal information online. The hedonic benefit seems to be essential because it´s responsible to camouflage the pain of paying for a service or a product (Prelec & Loewenstein, 1998). Enjoyment has a crucial impact on mobile shopping (Agrebi & Jallais, 2015; Kerviler et al., 2016), social media (Krasnova et al., 2010) and for granting permission for personalized communication (Krafft et al., 2017). However, the present research could not prove the importance of enjoyment. 
The impact of perceived risk on consumers’ disposition to share personal information (Hypothesis 4) was confirmed in this study. The result is in line with findings from various studies. According to Krafft et al. (2017), privacy concerns have a striking impact on consumers grant permission to be contacted via personalized communication. For online services, privacy concerns play a major role as users with higher perception of risk tend to have lower intentions to share personal information (Baruh et al., 2017). 
On ecommerce, privacy risk has a negative impact on consumers' decision to disclose personal information to unfamiliar online vendors (Li et al., 2011). The same result is presented in studies about social media privacy. The perception of user’s risks sharing personal information is considered so important that Alkire et al. (2019) advice organizations to wisely select which social media channels they will participate as it can harm the company’s image.  
Following the results of the structural model, the multi-group analysis only found significant differences for convenience and perceived risks. 
The influence of perceived sensitive information on privacy concern was proven to be important. For the group that believes the information shared is sensitive, perceived risk is a crucial factor. According to Li et al. (2011),  the influence of privacy risk is higher when consumers consider the personal data shared as highly sensitive. This result confirms the perception of Jozani et al. (2020) that information sensitivity is associated with privacy concerns. 
The moderation of information sensitivity over the impact of utilitarian benefit on consumers’ disposition to share personal information was supported for convenience. The group that perceived information shared as non-sensitive values convenience. This result follows Xie et al. (2006) findings that affirms that the effects of benefits on consumers’ intention to provide accurate personal information varies according to the perception sensitivity of the requested information.
The hypotheses H6(ii) and H6(iii), which referred to the impact of sensitive information over emotional and social respectively, were not supported. 
The effect of age is known to be an important moderator. The result concludes that age indeed moderates the impact of privacy concerns on consumers’ disposition to share personal information. Younger individuals have a more positive attitude towards disclosing personal information as privacy risk is  not an issue for them. The millennium generation is referred to be ‘‘digital natives” (Prensky, 2001) and technology is part of their routine. For older generations technology is incommodious. Therefore, most studies affirm that younger age  groups are less concerned about information privacy (Walrave et al., 2016; Zeissig et al., 2017). The present research follows the conclusion just like Walrave et al. (2012) that privacy concern increases with age and, as consequence, older users tend to be more worried about privacy risks. 
On the benefits side, the result shows that age moderates the impact of convenience benefit on consumers’ disposition to share personal information. Younger consumers value more convenience than older consumers and, as a result, this benefit affect their disposition of personal data online. According to Sorce et al. (2005), young individuals are likely to agree that online shopping is more convenient than older consumers. This fact probably happens because elderly individuals show low adjustment to the advent of new technologies as they did not grow up in a technological era (Roupa et al., 2010). On the other hand, younger generations are the complete opposite, as they use technology like no other generation has used before (Soares et al., 2017). Thus, these finding can justify the existence of differences between the perception of users of different ages in relation to convenience.
All other benefits,  social, enjoyment and utilitarian (information and economic), did not present a significant difference between the groups studied. Therefore, hypotheses H8(ii) and H8(iii) were not supported. 
Last, we discuss the roll of gender over the proposed model. Even though there is no consensus about gender effects on privacy concern, there is more evidence that women are more concerned about privacy risks (eg. Graeff & Harmon, 2002: Li, 2011; Smith et al., 2011). This fact is evidenced in the study of Hew (2011) that indicates that females have greater privacy restriction on their Facebook profiles than males. This conclusion is also present on our investigation. Consequently, we can infer that female pays more attention to privacy concern than male.
Regarding the effect of gender over convenience, the impact of this utilitarian benefit is crucial for males and it is not significant for females. This can be justified with the selectivity model (Meyers-Levy, 1989) that explain how each gender process information. According to Meyers-Levy (1989), males cannot process all available information, therefore they tend to process on more holistic way. Moreover, the importance of convenience for males it is not new and was proven by Noble et al. (2006). According to authors males' loyalty to local stores is mainly driven by convenience.
Following the structural model and the multi-group analysis results, all other benefits, social, enjoyment and utilitarian (information and economic), did not present a significant difference between male and female.  
Even though this research shows interesting findings, the Rquare of 10,4% is considered low (Henseler et al., 2009), therefore the model does not present a very high predictive power. On the contrary of what has been defended in the literature by several authors (eg. Kerviler et al., 2016; Jozani et al.,2020; Pentina et al., 2016; Hui, et al., 2007), social, enjoyment, information and economic benefits did not reveal positively and significantly influence on willingness to share information. This could suggest that other point of view less consolidated by previous studies could be considered in order to increase the predictive power of the model. The influence of irrational behavior on user´s decision making process for disclosing personal information online is a subject to which little attention has been paid and has been proved to affect their judgment (Acquisti & Grossklags, 2005). Therefore, irrational factors, such as habits,  should be brought into the privacy discussion, as it affects individual´s behavior ( Lee et al., 2018). This factor composes the Unified Theory of Acceptance and Use of Technology (Venkatesh et al., 2012) and is known as a crucial factor because consumers’ prior behaviors and experiences are likely to influence their present decisions (Limayem et al., 2007). Habit was proven to be a decisive factor for users’ behavioral intention (Culnan & Armstrong, 1999; Kerviler et al., 2016). 
Another factor that could be considered in the present model is Trust as it has a close relationship with purchases online (Park & Kim, 2013). According to Pavlou (2003), this factor inhibits consumer perceived risk and as a consequence drives the user to complete an online transaction or disclose information online. 
According to the MGA results, the low Rsquare is partly justified because the sample is divided into two opposite groups. The first group is constituted by  female, elderly individuals and users that perceived the information shared as sensitive. The second group is composed by male, younger individuals and users that did not find the information shared as sensitive. Both groups are reasonably balanced and have completely opposite behaviors regarding privacy. The first group cares about privacy risk, in contrast the second group did not seem to bother with the cost of sharing information online. Likewise, the second group values convenience benefit however the first group was not impacted by the same benefit. These proposition that different personal characteristic influence different behavior towards privacy is supported by different studies (eg. Bansal et al.,2010; Taddicken; 2014) that advices  website presentation and content to be mold according to personality traits and user situation. 
Also, the low Rsquare could jeopardize the rational logic of the privacy calculus. User decision-making process is guided by irrationality (Wilson & Valacich , 2012). According to Barth & Jong, (2017), individuals’ judgment about benefit and cost depends on the context and on individual bias that could lead to distortions. Moreover, Acquisti (2005) adds that just a small perceived reward could lead users to irrational decisions. This perspective concludes that privacy-paradox is a phenomenon that depends on the contexts (Barth & Jong, 2017). Therefore, the present research follows these statements because results show that benefits and costs are impacted for context and personal characteristics. 
















[bookmark: _Toc51756479]Conclusions
[bookmark: _Toc51756480]4.1 General Considerations 
This research focused on factors that impact user’s intention to disclose personal information. Following the trade-off idea of privacy calculus (Dinev & Hart, 2006 ), we aimed to  analyze individuals’ perception of benefit and cost. Moreover, we pursuit to comprehend the importance of age, gender and perceived sensitivity over decision-making to disclose personal information in a transactional context. 
Understanding online consumer behavior is vital because the digital era allowed companies to fully analyze their customers’ needs through data and, as a result, business can design personalized solutions to each user profile. Therefore, companies that can instigate users to disclose information more often have a powerful ally to discover what customers expect and how to satisfy them.  
To perceive what drives and deters consumers to provide information, a research model was created based on previous studies. Next, we adopted a quantitative methodology to examine the 170 valid answers gathered through an online questionnaire. Using the software smartPLS, we created a Structural Equation Models to explain user motivation to share personal data. 
Regarding the impact of benefits, convenience results are in line with the literature as this factor influences the decision of disclosing personal information online.  Surprisingly, other benefits such as social, enjoyment, information and economic did not present a significant effect on users’ decision. 
On the cost side of the privacy calculus, results indicate that the willingness to share personal information online is negatively impacted by perceived risk. Despite the fact that users frequently disclose personal information online, they are still apprehensive with online transactions.   
Most importantly, the result highlights the importance of personal characteristics and contexts on the process of  disclosing online data. Age, gender and perceived information sensitivity proved to influence the relation of convenience and privacy concerns with general willingness to self-disclose. This variation emphasizes that privacy decision is not a simple rational trade-off equation, it is a multi-factor decision. 
[bookmark: OLE_LINK3][bookmark: OLE_LINK4]The study follows a rational perspective, mixing the privacy calculus Theory (Dinev & Hart, 2006) with the Sweeney and Soutar´s scale (2001). However, results did not seem to support this logic. Even though, literature largely supported that evaluation of benefits and cost as a  rational decision, some authors assume that the decision process of disclosing personal information is less rational (Acquisti & Grossklags, 2005). In this perspective, the rational model fails to discuss user’s decision to share personal information online and is considered ineffective (Waldman, 2020), as individuals have limited rationality and cannot translate all the information gathered into evidence-based decisions  (Simon, 1997). Moreover, users are often unaware that their information is being shared or even how it can be used and what consequences this action could bring (Acquisti et al., 2015). Therefore, this research presents more empirical evidence that privacy decision is influenced by irrationality (Wilson & Valacich, 2012). 
For common moderators, such as age and gender, the present study highlights another point of view. Previous research mainly focusses on the impact of these moderators over the willingness to share information (eg. Hoofnagle et al., 2010; Jai & King, 2016; Taddicken, 2014;), in contrast the present study goes further and shows the different impacts these moderators results on the drivers. 
Also, the research adds to the discussion the importance of context, as user’s perception of risks and benefits changes depending on how they perceive information sensitivity. The same impact is valid for different age and gender. Therefore, groups with different characteristics and perceptions results on users acting differently. As consequence, it is important to tailor all the touch points with users in order to add value and increase customers motivation to share personal information (Bansal et al., 2010). 
Finally, the findings presented in this research put on test the privacy paradox that claims that  user exchange personal information for rewards even though they are concerned about their privacy (Norberg et al., 2007). First, because decision to disclose personal information online is not a rational choice (Acquisti et al., 2015). Second, context and personal bias were proven to impact privacy decision. Following the discussion of Waldman (2020),  biases could make rationality even more difficult to commend privacy decision as it can manipulate and influence users.

[bookmark: _Toc51756481]4.2 Managerial Implication, Limitations and Future Research 
The present research has empirically validated the consumers relationship between privacy and perceived benefit and risks. Furthermore, it brought more findings about the perception of users on information sensitivity, age and gender. 
These results provide significant insights for companies that have online interactions with clients and would like to expand these interactions. First, it is important to understand that clients look for solutions that will make their life easier. Therefore, it is important to present an easy to use solution that allows users to save time. Additionally, perceived privacy risk is still seen as a threat when it comes to the willingness to share personal information online. Finally, the disposition of disclosing personal data online is based on personal bias, therefore companies should closely understand their clients and build services that match their expectations. 
Given the specific results for each group presented in this study, companies must be cautious when approaching their customers and should take into consideration their perception and needs to disclose personal information online. For example, companies targeting female or elderly individuals should concentrate efforts to lessen privacy concerns. 
Even though this research present interesting conclusions, it is important to mention some limitations. 
The first limitation is about the research method applied. According to Nemoto and Beglar (2014), investigation built with multiple angles, such as open-ended questions, participant observations, interviews, and objective tests, results in more accurate interpretations and conclusion. However, this research only applied a quantitative methodology. Furthermore, online surveys are considered invasive. For researches focused on privacy, this data collection method can exclude individuals with higher privacy concerns (Evans & Mathur, 2005). Therefore, it could lead to a misunderstanding of privacy concern and the correlation between attitudes and behavior. So, future research should use different methods, such as qualitative in order to have a more comprehensive view on the subject.
Due the limited time to carry this study the sample is restricted; therefore, the generalization of results requires some cautions. In order to achieve a more in-depth study, future investigations should use more representative samples. Moreover, the research was conducted mainly with Portuguese and Brazilian users. Given the fact that both countries have the same cultural dimension (Hofstede, 2001), there is a limited perception of the phenomenon. As the awareness of privacy and privacy concerns varies by culture (Jiang et a., 2013; Samaha et al., 2014),our findings could be restricted to this type of cultural dimension. Therefore, we cannot guarantee that our conclusion persists in different cultures types. We recommend that futures studies focus on other cultures, such as North America and Germany.
As the model has a low predictive power, future studies could consider other drivers and deterrents that already have been proven to impact the decision to disclose personal information online. Habits, trust and other personalization benefits could be some of the options since literature supports their impact on willingness to share information online (Bansal et al., 2010; Kim et al., 2019; Lin et al., 2018). 
Also, four constructs did not present an impact on willingness to share personal information.  Future research could incorporate a better measure of economic, social, information and enjoyment benefits. 
Moreover, this study only takes into consideration three moderators to understand their impact on benefit and cost. There are other points that could be incorporated in future research to understand the effects of context. For example, the impact of using different devices could be explored or even specific sectors or industries that users are interacting with.
Additionally, it would be pertinent to analyze other contexts as a large part of the sample had shared personal information in an e-commerce context. Future research could focus on the willingness to disclose personal information on social media, apps or even in a more specific way such as mobile shopping apps.
Furthermore, there are factors that could be further developed. For example, influence of perceived information sensitivity is a topic relatively new to literature and understanding more about it could help predict user’s behavior. Another topic not yet fully explored in the literature is user’s irrational behavior towards privacy. As most studies debate privacy with a rational bias, the irrational point of view is an area of research that needs to be further investigated (Acquisti, 2010).
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